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Abstract; Rapid development of Internet commerce and various social networking applications leads to a large num-
ber of user comment information. To meet the requirement of fast processing these information. sentiment and its
polarity analysis arises at the moment. Emotion dictionary is the basis for all kinds of recognition algorithms of emo-
tional polarity. To build a comprehensive emotional dictionary with rational weight, this paper proposes an automat-
ic emotion weight (AEW) algorithm to mine the potential emotional words and estimate the emotion weight, with
the advantage of domain independence and good scalability. The method uses special type of co-occurrence, which is
based on Bayesian theory. to recognize unknown emotion words, judge the sentiment polarity according to the value
of its emotion weight. We verify the theoretical research by three empirical analysis of data form JD. com, douban.
com and dianping. com, achieving a precision about 90%.
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